RANIZITSHR
Civil Aircraft Design & Research

2018 4E55 3 ) B 130 4
ISSN 16749804 CN 31-1614/V

DOI: 10.19416/j. cnki. 1674 —9804.2018. 03.016

RAXVERIZEEREBEN AR
A Study on the Application of Big Data
Technologies for Civil Aircraft Health Diagnosis

4 0 FEKMS Bk %k / YU Hui TANG Dapeng  YAO Bin
(B CHLT ISR e, TR 201210)

(Shanghai Aircraft Design and Research Institute, Shanghai 201210, China)

i %
TZIORTTH ] RALEEE S W 8 LA B R ARB-AT T 28R . IR TSR Hr i a] LI RLAE R G 0F 17t
SN AL T2 B SIS R G000 s B A Al A s I A X LIRS M S8 b anfal K 2 R’
Borbaz s A M E R E B R, B0 EEZ I H R L TAR K BIVE T SR TAE S bR, ot & v, 285 25 i 3]
2T I RO ok Sl e B R A AR R DG R T B X e A R P AR DGR, 5 ARG KA e
AT EAH I O FR 5 XS T H B — A R AOE i CHLGR I e i 7 B =3 iz, AT ) FH AT AL B s A2 IR R, 3
IR BRI , 25 A NIRRT RE T, s i 45 AL 3

FRin] : RAIL s (RS B B 5 B2 5 B2 4

W gy P45 V247.5 SCHkbs B - A OSID .

[ Abstract] The article makes a review of big data technologies in civil aircraft health diagnosis. Parallel clustering

analysis could get the basic characteristic of parallel computer to form a computing module of the historical data.
The parameter field technology plays an important role in finding valuable parameters in a large number of aircraft
parameters. In the actual application process, we will meet with all kinds of complex faults expressed by nonlinear
functions. In order to make sure the nonlinear functions, the big data will be used to find out the quantization rela-
tionships. For the cascade failure caused by some part’s failure, visualization data mining is used to figure the da-
ta, combined with human sense of vision to reinforce the result of data mining.
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